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ABSTRACT: AI tools are now common in 
English as a Foreign Language (EFL) teaching, but 
we know little about how vocational-college 
students feel about their own language mastery and 
confidence when they use them, and even less about 
whether all students benefit equally. This small 
qualitative study uses Bandura’s theory of self-
efficacy to look at how six vocational EFL students, 
chosen to range from advanced to beginner, 
described their experience in semi-structured 
interviews analysed through reflexive thematic 
analysis. The pattern that emerged was sharply 
divided by proficiency. The stronger students used 
AI selectively, improved most in writing and 
speaking, and grew more confident, though they 
worried about relying on it and about their writing 
starting to “sound like AI.” The intermediate student 
valued AI for catching her errors, but felt stuck 
because it marked mistakes without explaining them. 
The weaker students ran into barriers instead: an all-
English interface, audio that went too fast, and no 
help in their first language. For the least confident, 
watching classmates succeed where they could not 
made them feel, in one student’s words, “not good 
enough.” Rather than closing the gap between 
stronger and weaker learners, then, AI in this 
classroom widened it. The paper argues that AI will 
build confidence for the students who most need it 
only if its use is scaffolded, supported in the first 
language, and rich in explanation. Being a small 
pilot, the study is exploratory and is meant to inform 
a larger one.

KEYWORDS: artificial intelligence; EFL; 
vocational education; self-efficacy; language 
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I. INTRODUCTION

Vocational colleges enrol a large share of 
tertiary students in China, yet English as a Foreign 
Language (EFL) instruction in this sector faces 
persistent challenges. Vocational students frequently 
enter with weaker English foundations than their 
counterparts in academic universities, and many 
carry a history of discouraging classroom 
experiences that leaves them anxious about 
speaking, reluctant to write, and doubtful of their 
ability to improve (Hu, 2005). In such contexts, 
learners’ beliefs about what they can accomplish — 
their language-learning self-efficacy — are not a 
peripheral concern but a central condition for 
engagement and persistence.

Over the past few years, artificial 
intelligence (AI) has moved rapidly to the centre of 
everyday language learning. Automatic speech 
recognition (ASR) applications score pronunciation 
and give instant feedback; machine-translation and 
dictionary tools gloss unfamiliar words in seconds; 
and generative chatbots produce model texts, 
corrections, and conversational partners on demand. 
These affordances are widely assumed to benefit 
learners, and a growing body of research reports 
gains in measurable proficiency and engagement 
(Kohnke, Moorhouse, & Zou, 2023; Zawacki-
Richter, Marín, Bond, & Gouverneur, 2019). 
However, most existing studies emphasise learning 
outcomes or teachers’ perspectives, are dominated 
by academically oriented or English-major 
populations, and treat “the learner” as an 
undifferentiated whole. Comparatively little is 
known about how vocational students — who 
arguably have the most to gain from confidence-
building tools — actually experience AI in the 
classroom, and whether learners of different 
proficiency levels experience it in the same way.

This subjective, and potentially uneven, 
dimension matters. A learner may produce more 
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accurate sentences with AI assistance yet feel that 
the accomplishment belongs to the tool rather than to 
themselves; another may be unable to use the tool at 
all and conclude that the failure is theirs. 
Understanding these felt experiences requires a 
qualitative, learner-centred lens rather than a purely 
outcome-based one. The present exploratory study 
responds by examining how a proficiency-diverse 
group of vocational EFL students perceive their 
language mastery across the four skills when 
learning with AI, and how these perceptions feed 
into their confidence and motivation.
Two research questions guide the inquiry:
RQ1. How do vocational EFL students perceive their 

sense of language mastery across listening, 
speaking, reading, and writing when learning 
with AI tools?

RQ2. How do these AI-enhanced experiences shape 
their language-learning confidence (self-
efficacy), and how, if at all, do they vary across 
proficiency levels?

II. LITERATURE REVIEW
2.1 AI in EFL learning
Technology has long been enlisted to support 
language learning, from early computer-assisted 
language learning (CALL) to the mobile and 
intelligent tools of today (Warschauer & Healey, 
1998). What distinguishes the current wave is the 
capacity of AI systems to generate responses, adapt 
to the learner, and provide feedback that once 
required a teacher. Reviews of AI in higher 
education document applications ranging from 
intelligent tutoring and automated assessment to 
adaptive content (Zawacki-Richter et al., 2019), and 
generative tools such as ChatGPT have been 
discussed as conversation partners, writing 
assistants, and sources of tailored input, with 
commentators noting both promise and risks of 
dependence and inaccuracy (Kohnke et al., 2023). 
More recent syntheses confirm broad gains across 
the four skills while noting wide variation in study 
design and context (Kundu & Bej, 2025), and a 
systematic review of learner emotion in AI-assisted 
language learning reports consistent links between 
AI use, anxiety, and self-efficacy (Zhang & Liu, 
2025); empirical work in higher education similarly 
connects AI-mediated feedback to learners’ anxiety 
and emotional resilience (He, Abbasi, & He, 2025). 
Yet the literature remains weighted toward 
measurable outcomes and toward well-resourced 
learners, leaving the affective experiences of lower-
proficiency students, and the possibility that AI 
benefits learners unequally, underexplored.

2.2 Self-efficacy and confidence in language 
learning
Self-efficacy refers to a person’s belief in their 
capability to organise and execute the actions 
required to attain a given outcome (Bandura, 1997). 
Bandura identified four principal sources of efficacy 
beliefs: mastery experiences (successful 
performance), vicarious experiences (observing 
similar others succeed), verbal or social persuasion 
(encouragement and feedback), and physiological 
and affective states (such as anxiety or calm). In 
language learning, self-efficacy is closely bound up 
with motivation, willingness to communicate, and 
the debilitating role of anxiety (Dörnyei & Ryan, 
2015; Horwitz, Horwitz, & Cope, 1986). Recent 
empirical work in AI-mediated settings bears this 
out: AI tool use has been found to raise EFL 
learners’ motivation and self-efficacy while lowering 
anxiety (Shao, 2025), and self-efficacy together with 
resilience predicts motivation in AI-based learning 
environments (Shi & Zhang, 2025). Importantly, 
these sources cut both ways: just as success builds 
efficacy, repeated failure or unfavourable 
comparison with peers can erode it. This makes the 
framework well suited to examining whether AI, by 
distributing success unevenly, strengthens some 
learners’ confidence while weakening others’.

2.3 Vocational EFL learners and the risk of a 
widening gap
Chinese higher-vocational (gaozhi) education 
prepares students for skilled occupations, and 
English typically occupies a practical, service role. 
Students in this sector are heterogeneous but, on 
average, report lower proficiency, higher anxiety, 
and weaker self-efficacy than students at academic 
universities (Hu, 2005). Within a single class, 
proficiency can range widely. Research on 
educational technology has long warned of a “digital 
divide” in which tools intended to help all learners in 
practice benefit those who are already advantaged, 
widening rather than narrowing gaps. Whether AI in 
vocational EFL narrows or widens the distance 
between stronger and weaker learners is an open and 
consequential question, and one this study is 
positioned to explore.

III. THEORETICAL FRAMEWORK
The study is framed by Bandura’s (1997) social-
cognitive theory of self-efficacy. Efficacy beliefs are 
treated as the hinge between AI’s technical 
affordances and learners’ engagement: the tools do 
not act on motivation directly but through the 
mastery, modelling, persuasion, and affective 
experiences they make available (Figure 1). 
Crucially, whether a given affordance produces a 
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mastery experience or a fresh failure depends on the 
learner’s existing resources — their proficiency, 
their ability to read an English interface, their access 
to first-language support. The framework therefore 
anticipates that AI may amplify existing differences: 
for learners who can already succeed with it, AI 
supplies further mastery experiences and confidence; 
for those who cannot, it may supply new evidence of 
inadequacy.

AI affordances in the EFL 
classroom

ASR feedback; instant correction; 
model texts; on-demand input — 
mediated by learner proficiency

→
Sources of self-efficacy 

(Bandura, 1997)
Mastery; vicarious; verbal 
persuasion; affective states

→
Confidence & motivation — 

unequally distributed
Higher proficiency: gains; lower 

proficiency: barriers

Figure 1. Conceptual framework: AI affordances feed the sources of self-efficacy, but their effect on confidence is mediated 
by learner proficiency.

IV. METHODOLOGY
4.1 Research design
An interpretive qualitative design was adopted, 
appropriate for exploring the meanings learners 
attach to their experiences (Creswell & Poth, 2018). 
The study is an exploratory pilot conducted to trial 
the interview instrument and to surface issues for a 
larger investigation; its aim is not to measure the 
effect of AI on proficiency but to understand, from 
the learners’ standpoint, how AI shaped their felt 
mastery and confidence.

4.2 Participants
Six students at a public vocational college in China 
took part, whose teachers had integrated AI tools — 
generative chatbots, ASR speaking apps, and writing 
and translation tools — into regular English 
instruction. Participants were purposively sampled 
using maximum-variation logic (Patton, 2015) to 
span the full proficiency range, from advanced to 
beginner, and were balanced by gender (three 
women, three men). Pseudonymous codes (S1–S6) 
are used throughout. Table 1 summarises the 
participants; the profiles are drawn directly from the 
study’s interview records.

Code Gender Proficiency Main AI tools Perceived progress Main concern
S1 F Advanced ChatGPT (writing) Writing 

(vocabulary, 
sentence variety)

Over-reliance; sounding 
“like AI”

S2 M Upper-intermediate ChatGPT, Grammarly, 
ELSA (speech)

Pronunciation, 
vocabulary

Inaccurate scores; 
speaking naturalness

S3 F Intermediate Translation, dictionary, 
grammar checker

Grammar Feedback without 
explanation; 
dependence

S4 M Lower-intermediate Translation Minimal (some 
vocabulary)

English-only interface; 
weak foundation

S5 F Beginner Duolingo (briefly) None perceived Feeling inadequate 
versus peers

S6 M Beginner Translation None perceived No first-language 
support; anxiety

Table 1. Profiles of the six interview participants.

4.3 Data collection
Each student took part in a semi-structured interview 
of approximately 30–40 minutes. Interviews were 
conducted in Chinese to allow full expression and 
were later transcribed and translated into English; 
the excerpts presented below are translations, 
checked for fidelity to the original meaning. The 
interview guide asked students to describe concrete 
episodes of using AI in each of the four skills, how 

the experience felt, whether and how it changed their 
confidence, and what they found difficult.

4.4 Data analysis
Transcripts were analysed using Braun and Clarke’s 
(2006, 2021) reflexive thematic analysis, supported 
by NVivo for coding and node management. 
Analysis proceeded through the six recursive phases: 
familiarisation, generation of initial codes, searching 
for themes, reviewing themes, defining and naming 
themes, and producing the report. Coding was 
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primarily inductive but sensitised by the self-
efficacy framework; a hierarchical node structure 
was developed covering perceived progress, 
confidence, trust, handling of AI feedback, and 
proficiency-related differences. Table 2 presents the 
final thematic structure.

Theme Representative sub-codes
1. A safe space to practise Private practice without pressure; repeating until satisfied; reduced 

shyness
2. Models and feedback raise perceived 
mastery

Writing gains; imitating templates; pride in progress; authorship tension 
(“sounding like AI”)

3. “I can see the error but not why” Errors flagged without explanation; mechanical correction; wanting an 
“explain” function

4. Barriers for lower-proficiency learners All-English interface; input too fast; dependence on teacher; need for first-
language support

5. When AI dents confidence “AI is for good students”; unfavourable comparison with peers; feeling 
“not good enough”

6. Over-reliance, authorship & conditional 
trust (cross-cutting)

Fear of dependence; “self first, then check with AI”; judging AI critically; 
not trusting it fully
Table 2. Thematic framework.

4.5 Trustworthiness
Credibility was pursued through member checking, 
in which participants reviewed summaries of their 
accounts, and through the maintenance of an audit 
trail of coding decisions in NVivo (Lincoln & Guba, 
1985). Thick description of the context and extended 
verbatim quotation are provided to support 
transferability judgements, and the small, purposive 
sample is reported transparently as a limitation of an 
exploratory pilot. Reflexivity was practised 
throughout, with the researcher documenting how 
their own position as a teacher-researcher might 
shape interpretation.

4.6 Ethical considerations
The study followed institutional ethical guidelines 
[insert ethics-approval reference]. Informed consent 
was obtained from all participants, who were told 
that participation was voluntary and that they could 
withdraw at any time without consequence. All 
codes are pseudonymous, and identifying details 
have been removed. Data were stored securely and 
used only for research purposes.

V. FINDINGS
Analysis produced six themes (Table 2). Read 
together, they describe a sharply stratified 
experience: the affordances that built confidence for 
higher-proficiency students became barriers for their 
lower-proficiency peers. The themes are presented in 
that order, moving from the students who gained 
most to those who gained least, before drawing out a 
cross-cutting theme on reliance and trust.

5.1 A safe space to practise

For students with enough English to engage, AI 
offered a private, judgment-free space in which to 
practise, and this was experienced as liberating — 
especially for speaking. S2, an upper-intermediate 
student who described himself as shy, valued the 
absence of a human audience:

I use a speech AI to practise speaking; because I’m 
shy, I feel no pressure with the AI. My pronunciation 
got better and my vocabulary grew. [S2, upper-
intermediate]

The privacy of machine practice appeared to regulate 
the anxiety that Horwitz et al. (1986) place at the 
centre of language learning, allowing repeated 
attempts that fed a sense of progress. Yet even here 
S2 noticed a limit: the “naturalness” of his speaking 
had not improved, because practising with a machine 
“is different from practising with a real person.”

5.2 Models and feedback raise perceived mastery
Writing was where the strongest sense of 
accomplishment appeared, alongside the sharpest 
question about ownership. S1, the most advanced 
participant, used AI models critically and reported 
clear gains, but also a disquiet about whose voice the 
improved text carried:

My writing has clearly improved — more varied 
vocabulary and sentence patterns. But I found my 
writing started to sound “like AI,” so I make an 
effort to keep my own voice. [S1, advanced]

For S2, model texts provided a concrete starting 
point: from an AI-generated business email template 
he “learned the format and the common phrases” and 
then wrote his own. In both cases the students 
treated AI as a model to be adapted rather than an 
answer to be copied — a stance that, as Section 5.6 
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shows, depended on their having the proficiency to 
judge it.

5.3 “I can see the error but not why”
For the intermediate student, S3, AI was genuinely 
useful for detecting errors, yet its feedback stopped 
short of the explanation needed to convert detection 
into learning:

The AI grammar checker showed me lots of mistakes 
I didn’t know I was making — but it only underlines 
them in red; I can’t understand “why” they’re 
wrong. It only says what’s wrong, not why or how to 
fix it; I wish it had an “explain” function. [S3, 
intermediate]

S3 believed that “intermediate students like me 
benefit the most,” yet her account shows the benefit 
capped at the point where feedback becomes mere 
marking. Without the reasoning behind a correction, 
error detection produced compliance rather than 
understanding — a weak form of the verbal 
persuasion that might otherwise have built efficacy.

5.4 Barriers for lower-proficiency learners
For students with a weaker foundation, the very 
features that helped others became obstacles. The 
all-English interface, the pace of AI-generated input, 
and the absence of first-language support turned the 
tools into a source of friction rather than support:

I can’t understand the all-English interface; I need 
the teacher’s help every time — I wish there were a 
Chinese version. My speaking and listening haven’t 
changed; I need to build the basics first. [S4, lower-
intermediate]
The AI showed a dialogue for us to imitate, but there 
were many words I didn’t know, so I couldn’t imitate 
it — I only understood after the teacher explained in 
Chinese. [S6, beginner]

For these students the tool presupposed the very 
competence it was meant to help build. Rather than a 
mastery experience, the encounter produced 
dependence on the teacher and a reasonable 
conclusion that, for now, “building the basics 
matters more than using AI” (S6).

5.5 When AI dents confidence
The most striking finding concerns the least 
proficient students, for whom AI did not merely fail 
to help but actively undermined confidence. 
Watching more capable peers succeed with a tool 
they could not use became a source of unfavourable 
comparison — precisely the kind of vicarious and 
affective experience that, in Bandura’s account, 
lowers efficacy:

I’m afraid of being worse than others — my 
classmates use it well but I can’t, and it makes me 
feel I’m “not good enough.” I think AI suits people 
who already have a foundation. [S5, beginner]

Here the same classroom activity that gave S1 and 
S2 a sense of mastery gave S5 evidence of 
inadequacy. Far from levelling the field, AI 
sharpened the contrast between the confident and the 
struggling. Figure 2 summarises this proficiency-
stratified pattern across the sample.
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Advanced / Upper-
intermediate

Selective, critical use; 
gains in writing & 
speaking; rising 

confidence

→

Intermediate
Values error detection; 

progress capped by 
feedback without 

explanation

→
Lower-intermediate
Access barriers (English-

only, pace); minimal 
benefit

→
Beginner

Little or no benefit; 
diminished confidence 
(“not good enough”)

Figure 2. Proficiency-stratified perceptions of AI: a qualitative synthesis of participants’ self-reported experience (not a 
quantitative measure).

5.6 Over-reliance, authorship, and conditional trust
Cutting across the sample was a self-aware wariness 
about depending on AI — but, tellingly, it was the 
more proficient students who voiced it most clearly, 
because only they had the command to notice and 
resist it. S1 described a deliberate discipline of doing 
the work first:

I’m afraid of over-relying on it — I catch myself first 
thinking “how would the AI answer this,” and I’m 
consciously correcting that. I try to write or speak 
first, then use AI to check, rather than letting it do 
the work. [S1, advanced]

S2 likewise judged AI critically, checking its output 
against other sources because “AI makes mistakes, 
especially with cultural context.” S3, at the 
intermediate level, felt the pull of dependence more 
sharply, fearing she was becoming “too dependent 
on translation.” The capacity for conditional trust, in 
other words, tracked proficiency: the students best 
able to use AI safely were also those least at risk 
from it, while those most exposed to its errors were 
least equipped to catch them.

VI. DISCUSSION
The findings tell a consistent story about 

the sources of self-efficacy (Bandura, 1997): AI did 
not raise or lower confidence in the abstract but did 
so by distributing, unequally, the experiences from 
which efficacy beliefs are built. For higher-
proficiency students, private practice supplied 
mastery experiences, model texts offered vicarious 
learning, and the absence of a human audience 
regulated anxiety, so that confidence grew. For the 
least proficient, the same activities supplied the 
opposite: no success to attribute to themselves, an 
English-only interface they could not read, and the 
deflating spectacle of peers succeeding where they 
could not. Table 3 maps how each efficacy source 
operated, and for whom.

Source of self-efficacy Higher-proficiency students Lower-proficiency students
Mastery experiences Visible gains in writing and pronunciation; 

rising confidence
Little or no success to own; the tool 
presupposes competence they lack

Verbal persuasion Feedback used critically to improve Errors flagged without explanation; 
correction without understanding

Vicarious experiences Model texts to imitate and adapt Watching abler peers succeed — 
unfavourable comparison

Affective states Privacy lowers anxiety; more attempts made Frustration and a feeling of being “not good 
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enough”
Table 3. How Bandura’s sources of self-efficacy operated for higher- versus lower-proficiency learners.

A distinct issue emerged for the intermediate learner, 
and it concerns the transparency of AI feedback 
rather than its availability. S3’s grammar checker 
reliably flagged her errors but never explained them, 
leaving her able to see that something was wrong 
without understanding why or how to repair it. In 
efficacy terms this is a broken form of verbal 
persuasion: feedback that names a fault without 
giving the learner the means to master it yields 
compliance rather than competence, and can deepen 
reliance on the tool instead of reducing it. The 
distinction between error detection and error 
explanation is easy to miss when AI feedback is 
praised for its speed and specificity, yet it is 
explanatory, reasoned feedback — feedback a 
learner can act on and internalise — that turns 
correction into learning. For vocational learners in 
particular, who often lack the metalinguistic 
knowledge to reconstruct a rule from a red underline, 
the opacity of AI feedback may quietly cap the very 
gains it appears to deliver.

Same AI-enhanced classroom 
activity → high proficiency 

low proficiency →

Mastery & confidence (S1, S2)
Inadequacy & withdrawal (S5, 

S6)
= widening gap

The central contribution of the study, summarised in 
Figure 3, is therefore a cautionary one: in this setting 

AI functioned less as a leveller than as an amplifier, 
deepening the very differences in proficiency and 
self-efficacy that vocational EFL most needs to 
reduce. This resonates with long-standing concerns 
about a “digital divide,” in which tools meant to help 
everyone chiefly help the already-capable, and it 
adds a specifically affective mechanism — the 
erosion of the weakest learners’ confidence through 
unfavourable comparison. It also qualifies the more 
optimistic, outcome-focused literature on AI in EFL 
(Kohnke et al., 2023; Kundu & Bej, 2025; Zawacki-
Richter et al., 2019) by showing that gains reported 
in aggregate may mask a widening gap beneath.
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Figure 3. AI as amplifier: one activity, divergent outcomes by proficiency, and a widening confidence gap.

VII. IMPLICATIONS AND LIMITATIONS
If AI is not to widen the gap it is meant to 

close, integration in vocational EFL must be 
deliberately designed for the weakest learners, not 
the strongest. Three implications follow directly 
from the data. First, first-language support matters: 
an all-English interface and rapid English-only input 
excluded the very students who most needed help. 
Concretely, tools and tasks for lower-proficiency 
learners could provide bilingual instructions and 
menus, on-demand first-language glossing of key 
terms, and adjustable playback speed, so that the 
threshold to entry is lowered rather than assumed 
away. AI translation, which weaker students already 
reach for, could be repositioned from a crutch into a 
temporary, deliberately faded scaffold — used to 
bootstrap comprehension in the earliest stage and 
then progressively withdrawn as learners build the 
English to work unaided. Designing this first-
language support explicitly, rather than leaving 
beginners to improvise it, is what would let AI reach 
the students it currently bypasses. Second, feedback 
must explain, not merely mark: the intermediate 
student’s plea for an “explain function” points to the 
difference between error detection and learning. 
Third, teachers should scaffold and pace AI use for 
lower-proficiency learners — slowing input, pre-
teaching vocabulary, and framing AI as one support 
among many — while cultivating the critical, self-
first habits that the more advanced students had 
already discovered. Positioned this way, AI can 
supply mastery experiences to those who currently 
receive only evidence of failure.

The study’s limitations are those of an 
exploratory pilot. It draws on interviews with only 
six students at a single vocational college, so the 
findings are intended to be transferable and 
hypothesis-generating rather than generalisable. Data 
were self-reported and gathered at one point in time, 
and the quotations are translations from Chinese. 
The main study will address these limits by 
enlarging and diversifying the sample, adding 
classroom observation and teacher perspectives, and 
following learners over time to test whether the 
stratified pattern observed here persists and whether 
it can be altered by the design changes proposed 
above.

VIII. CONCLUSION
This study looked at how vocational EFL 

students see their own language mastery and 

confidence when they learn with AI. Across the four 
skills, AI gave the higher-proficiency students low-
stakes, feedback-rich practice, and their confidence 
grew, most clearly in writing and speaking. For the 
weaker students the same tools mainly created 
obstacles, and the least proficient came away feeling 
worse about themselves after measuring their efforts 
against more successful classmates. The lesson is not 
about an average effect but about who gains and who 
loses: here, AI widened the proficiency and 
confidence gaps it might have narrowed. For 
students already marked by a history of failing at 
English, AI will help only if it is designed with them 
in mind, with first-language support, feedback that 
explains, and teacher scaffolding, so that the ones 
who most need confidence are not the ones left 
further behind.

REFERENCES
[1]. Bandura, A. (1997). Self-efficacy: The 

exercise of control. W. H. Freeman.
[2]. Braun, V., & Clarke, V. (2006). Using 

thematic analysis in psychology. Qualitative 
Research in Psychology, 3(2), 77–101. 
https://doi.org/10.1191/1478088706qp063oa

[3]. Braun, V., & Clarke, V. (2021). One size fits 
all? What counts as quality practice in 
reflexive thematic analysis? Qualitative 
Research in Psychology, 18(3), 328–352. 
https://doi.org/10.1080/14780887.2020.17692
38

[4]. Creswell, J. W., & Poth, C. N. (2018). 
Qualitative inquiry and research design: 
Choosing among five approaches (4th ed.). 
Sage.

[5]. Dörnyei, Z., & Ryan, S. (2015). The 
psychology of the language learner revisited. 
Routledge.

[6]. He, M., Abbasi, B. N., & He, J. (2025). AI-
driven language learning in higher education: 
An empirical study on self-reflection, 
creativity, anxiety, and emotional resilience in 
EFL learners. Humanities and Social Sciences 
Communications, 12, 1525. 
https://doi.org/10.1057/s41599-025-05817-5

[7]. Horwitz, E. K., Horwitz, M. B., & Cope, J. 
(1986). Foreign language classroom anxiety. 
The Modern Language Journal, 70(2), 
125–132. https://doi.org/10.1111/j.1540-
4781.1986.tb05256.x



International Journal of Engineering, Management and Humanities (IJEMH)
Volume 7, Issue 4, Jul.-Aug., 2026 pp: 231-238  ISSN: 2584-2145 www.ijemh.com
                                     

                                                          www.ijemh.com                                                                 Page 9

[8]. Hu, G. (2005). English language education in 
China: Policies, progress, and problems. 
Language Policy, 4(1), 5–24. 
https://doi.org/10.1007/s10993-004-6561-7

[9]. Kohnke, L., Moorhouse, B. L., & Zou, D. 
(2023). ChatGPT for language teaching and 
learning. RELC Journal, 54(2), 537–550. 
https://doi.org/10.1177/00336882231162868

[10]. Kundu, A., & Bej, T. (2025). Transforming 
EFL teaching with AI: A systematic review of 
empirical studies. International Journal of 
Artificial Intelligence in Education, 35(4), 
2281–2314. https://doi.org/10.1007/s40593-
025-00470-0

[11]. Lincoln, Y. S., & Guba, E. G. (1985). 
Naturalistic inquiry. Sage.

[12]. Patton, M. Q. (2015). Qualitative research & 
evaluation methods (4th ed.). Sage.

[13]. Shao, S. (2025). The role of AI tools on EFL 
students’ motivation, self-efficacy, and 
anxiety: Through the lens of control-value 
theory. Learning and Motivation, 91, 102154. 
https://doi.org/10.1016/j.lmot.2025.102154

[14]. Shi, S., & Zhang, H. (2025). EFL students’ 
motivation predicted by their self-efficacy and 
resilience in artificial intelligence (AI)-based 
context: From a self-determination theory 
perspective. Learning and Motivation, 91, 
102151. 
https://doi.org/10.1016/j.lmot.2025.102151

[15]. Warschauer, M., & Healey, D. (1998). 
Computers and language learning: An 
overview. Language Teaching, 31(2), 57–71. 
https://doi.org/10.1017/S0261444800012970

[16]. Zawacki-Richter, O., Marín, V. I., Bond, M., 
& Gouverneur, F. (2019). Systematic review 
of research on artificial intelligence 
applications in higher education. International 
Journal of Educational Technology in Higher 
Education, 16(1), 39. 
https://doi.org/10.1186/s41239-019-0171-0

[17]. Zhang, S., & Liu, X. (2025). Learner 
emotions in AI-assisted English as a 
second/foreign language learning: A 
systematic review of empirical studies. 
Frontiers in Psychology, 16, 1652806. 
https://doi.org/10.3389/fpsyg.2025.1652806


